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GeoAl is not one product. It spans the ArcGIS platform.




Imagery Al Capabilities in ArcGIS
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Related Geo Al Projects
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Benefits of the Esri Ecosystem

- The ArcGIS ecosystem provides a way for these cutting-edge Al models to be
deployed in a user friendly and scalable way

- Intelligence provided by the model can be immediately shared, modified, and
acted upon using not only the mapping tools but also operational planning
tools in the platform

- The vast data and algorithm assets developed by Esri over many decades
allow the resulting Al models to have a true geospatial context




Imagery & Remote Sensing Data . \

For GeoAl




Turning Imagery into Actionable Information
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Imagery as Part of ArcGIS
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Transforming Imagery into Information Inspeciih Monttorii

Loss of
Infrastructure

Precision Mapping & N

: | Debris

Reality Capture a L
Y h\ } t,‘ J l‘ Blue Roof ’ﬂ_“?-v R Volume
. wf Detection &, , . N =
- Base Maps W""“:' - S - Damage
?:'k ~N -~ Assessment

Finding Spatial
Patterns

Built

Environments Natural

Environments

Flood
) Impacts
£ Terrain
= Analysis
\ 4 y Tornado
// 5\ Recovery #y Tracks
i Logistics
Content Land Cover
Images, Video & Search & Ag
Point Clouds: Discovery s Assessment ] r—""‘“ 4
u
Formats nd § =
Mosaic Image
Platforms Datasets Cubes
Modalities Platform

Services



Content — Support for All Imagery and Rasters

Formats

Services
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Deep Learning in ArcGIS

Different data types, tasks and integration
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New Deep Learning models on
the living atlas:

Building footprint extraction
Tree classification from LiDAR

Land cover classification



